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Abstract— Big data will be transformative in every sphere of life. But Just to Process and analyze those data is not enough,
human brain tends to find pattern more efficiently when data is represented visually. Data Visualization and analytics plays
important role in decision making in various sector. Many Visual analytics methods have been proposed across disciplines to
understand large-scale structured and unstructured social media data. Current Big data Visualization approaches often reduce
high dimension data to low dimension, and omit some data trends or relationships. In exploratory analysis of multivariate
datasets, performing an analytical task is often necessary. Such tasks may include extracting characteristics subsets and
comparing them.In social network, thousands of people produce data at the same time, and huge amount of data will be
produce in seconds. In this paper, survey on a Real time Information Visualization and Analysis framework— RIVA[2]. RIVA
to collect data from the social networks, such as Twitter, by using Spark Cloud computing platform to discover popular topics
around the world.

Keywords— visual analytic method, unstructured data, structured data, social media data, big data visualization, Apache spark,
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I. INTRODUCTION

In recent times social media has become more than a place to
socialize. It has become a platform for the common people to
express his/her opinion and to form online Communities. The
Unprecedented availability of social media data offer.
Substantial opportunities for data owners, system operator,
solution providers and end users to explore and understand
social dynamics. However the exponential growth in the
volume, velocity, and variability of social media data
prevents people from fully utilizing such data.

Exploratory analysis of multivariate dataset is often
performed by focusing on a part of the dataset or certain
attributes. Many Visualization methods exist for expressing
the multivariate aspect of multivariate datasets. The purpose
of this study is to assist the search and comparison of
characteristics subsets when analyzing multivariate datasets.
To assist in comparing two or more subsets, designed Blade
Graph ,which is Visualization technique that easily identifies
difference in data distribution. This visual representation
allows analysts to notice the differences between both plural
subsets and variables.
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Number of users produce data in social media at same time,
Vast amount of data will be generate in Seconds. In social
network users will be increasing. Therefore, Use a RIVA
Framework to collect the data from Social Media.

I1. RELATED WORK VISUALIZATION TECHNIQUES FOR
MULTIVARIATE DATASET

A. Parallel Coordinated Display

Parallel coordinate plot[3] is a multidimensional data
visualization method that makes use of parallel coordinate
axes. Based on the leaning and degree of lines, PCP represent
both the distribution of variables and relationships between
adjacent variables. An advantages of PCP is that obtaining
and intuition understanding an overview of the data is easy.

This method visualizes clustered value in each variable by
mean of circle representation. This allows users to compare
the rough distribution of each variable. However, identifying
differences in the variable is not easy regarding the circle
representation exactly is difficult. An analysis tool that
analysis tool that visualizes the quantitative multivariate
dataset to be comparatively analyzed. Their tool visualize a
data set by connecting variables by means of cluster bands
based on Parallel Sets. In addition, this tool enables an analyst
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to compare the differences of the bands by changing the color
of each. However , dividing the dataset into subset based on
records and comparing them visually is difficult.

B. Multiple Coordinated Display

GPLOM is a technique for visualizing multivariate data using
a matrix. In GPLOM, some multivariate dataset can be is
compared with other portion by means of representation.
However, GPLOM does not have representation or function
relating to the extraction and comparison of subsets[6].
Domino is an analysis tool that enables analysts to extract and
combine meaningful subsets. Three block types exits as the
basic visual unit in Domino, and the user can analyze the
dataset by combining these blocks according to analytical
purposes. Although the tool is useful for searching a subset,
Domino does not assist in comparing subsets[7].

C. Technique for Comparative Analysis
A comparative analysis tool using the expression of small
multiples. Their tool adopts the hierarchical structure of
small-multiple displays for flexibly meaningful comparisons
between graphics. Using their to, an analyst can create a
subset only from qualitative information, not from
quantitative information[8].

Diversity Map[9] is a technique to visualize differences
between many subsets of multivariate datasets. By assigning
noticeable darker colors according to the size of difference,
Diversity Map support the discovery f differences in the
subsets. The user of Diversity Map can identify differences,
but cannot read the details from the representation.

I1l1. BLADEGRAPH:VISUAL REPRESENTATION FOR
COMPARING QUANTATIVE VARIABLES

Blade Graph as a technique for visually comparing data
distribution in a single variable, that is, as an extension of the
braided graph. In the braided graph, the distribution of one
variable is represented by one area graph, and two or more
distributions are represented by superimposing he area
graphs. The braided graph has the advantages that
differences in datasets can be determined from a single graph
on a single axis. However, the coloring of the braided graph
may be misleading. Thus, reading the distribution of each
dataset and discovering differences between the distributions
is difficult. Therefore, developed a blade graph to visualize
distribution of one quantitative variable of dataset in order to
compare them. Quantitative variables of multivariate datasets
can be represented by blade graphs placed on parallel
axes[10].
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Figure 1 .Procedure for generating a blade graph [1]

IV. RIVA-REAL-TIME INFORMATION VISUALIZATION
AND ANALYSIS PLATFORM

A. What is RIVA?

The number of social network users is in the scale of
hundreds of millions, and social network nowadays has been
one of the most prominent media for receiving and sending
information. Twitter data can be generated during a short
time, for an example 5 second, and then the data can be
processed and analyzed in milliseconds on cloud computing
platform. In RIVA, collect the real time data in Twitter
through APIs, and utilize the real-time processing tools using
Spark platform to receive and process the data. These data are
processed according to their hash tags to gather the
information about what topics they are referring to and how
often these hash tags have been twitted, indicating how
popular topics are. Also analyze news headlines websites
and compared them with result from twitter feed analysis. In
the end, RIVA the analysis results between Twitter and web
news topics and visualize them through a web browser
interface.

B. System Framework

The architecture of RIVA is illustrated in figure 2, divided
into spark cluster, interactive data visualization and analysis
tool with apache Zeppelin, and finally sentiment analysis
module. On the spark cluster, spark run on Hadoop
Distributed File System. There are one master node and
currently implemented maximum six worker node and a
native standalone scheduler in the cluster. In RIVA, driver
program run on the master node to assign tasks for worker
nodes, in order to receive Twitter and web news data, and
start the executors to process data on each worker node
return the results to the driver program and results are stored
in database.
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Figure 2. The architecture of RIVA

The interactive data analysis and visualization tool shown in
Fig 3 are used with a browser based interface to demonstrate
visualized information. Users can also add their own script
programs through the web interface and submit their
applications to platform. Interpreter as plugins of Apache
Zeppelin can support multiple programming languages and
handle tasks in the background. The sentiment analysis
module analyze message from social networks with all kinds
of different viewpoints and opinions, thus the world
comparison technique to find the sentiment behind them
providing the basis for sentimental distribution
visualization[2].
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Figure 3. The interactive data analysis and visualization

C. Process Flow of RIVA
The process flow of RIVA shown in Fig 4. There are four
stages: data collection, real-time processing, data storing, and
visualization and analysis.
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Figure 4. Process Flow of RIVA

1)Data Collection
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The data collection stage uses two web services as data
sources, one is twitter and other is web news. Spark cluster
request data and receive the streaming data from those data
sources in fixed batch period. In Twitter, tweet stream data
through Twitter APIs and receive the data in real-time. In
web news, a web crawler server to collect the contents from
each web news.

2) Real-time Processing and data store

In real-time processing stage, Spark streaming to receive and
transfer stream data into batches data. Batches data will be
processed in Spark Engines to filter the hash tags in twitter
and web news.

3) Data Storing

The process data will be stored in the spark template data
table. The full texts string are also stored in the data storage
for sentiment analysis.

4) Visualization and analysis

To visualize the data processed hash tags and word, use SQL
to query the data. Then spilt out words from the full text
stored in storage, and compare those word with 266 positive
and 225 negative word for finding out the individual
sentiment distribution in Twitter and web news. the default
value of sentiment weight(SW) is zero, and when the
comparison  of corresponding word gets a positive result,
the SW value will be added by one. If SW is greater than
zero than the sentiment analysis is positive.

V. CONCLUISON

Big data visualization improve in visualize of data in social
media, which data are multivariate. There are some
visualization techniques for multivariate dataset. They work
with multivariate of dataset within multiple sources of
dataset. In this paper carried out the information about the
RIVA. RIVA was a real-time information visualization and
analysis platform. In RIVA |collect the real time data from
twitter and web news. After collecting the data, analyze the
data using the Apache Zeppelin tool. Then store the data in
database in spark template table and visualize the data.
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